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oAbt Z T, RAELETEREFM L
BRSFHEITHI LW TE S,

4-4. BML TLO7Hv %

MBL TLIC&EEh A Tuy 7 0—%%, #£A4
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flip (on/off)

hoto EfE AL, BIRLIZAT T
I()Chooses rite) A POIATF 2 — LR B
i 4%
set (params) as o b T — 2 LR D5
(val) A—F BT 2
initialize Network 7 T BOERIZA Y F T —
7 % BT %

train Network 2y M= DFEEFTH

lossValue HEMEE RS ATy &
classify W{RSEEFTT S
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5-1. BML IC ®OF|H

BML ICZ2FHA L7705 20% 7V EZ
DFETOMT %, TNENKG6 & 7TITRT . Wff
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remote control, remote TF
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E® m| &

Classifier using KNN model: classifiedResuit [5500

Clmdﬂ;runhg KNN model: classifiedConfidence

. 10 BML KNN %> 77075 LERTOHF
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FIZH L CEHRE L T 5, MEET — 7 OfER R,
FHBBTOHEIED 7 5 7{LE TR T-o T
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WHN RS EZ B I o T <,

BML TL IZ TERFE 217 7214121, 48
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